Background {#Sec1}
==========

Research synthesis provides compelling evidence of the positive and reciprocal association between poor mental health and poverty or low socioeconomic status \[[@CR1]--[@CR3]\]. There is also robust empirical evidence from research synthesis that subjective social status (SSS), or one's perceived position in the social hierarchy, is strongly related to health, with low SSS being associated with poorer health outcomes \[[@CR4]--[@CR6]\]. This SSS gradient is particularly evident in the case of mental health \[[@CR7]--[@CR18]\]. The one explanation put forward for SSS being an important predictor of health outcomes is that it represents a cognitive average of multiple markers of socioeconomic status (SES) that accounts for past, current and future prospects and overall life chances \[[@CR7], [@CR19]\]. The second explanation is that the SSS gradient embodies the hierarchy-health relationship, which hypothesises that relative social position has a direct and indirect impact on health. SSS has a direct effect on physiological processes and neuroanatomic structures, which enhances humans' biological vulnerability to disease. In addition, SSS indirectly affects health via an exposure to unhealthy behaviours \[[@CR7]\]. Unlike OSS that mainly captures the mechanism of material deprivation, SSS also encapsulates the psychological mechanism of stress responsible for the socioeconomic health gradient \[[@CR19]\]. Consequently, the SSS gradient in mental health generally persists when adjusting results for objective measures of socioeconomic status (OSS) such as education, occupation and income \[[@CR7]--[@CR11], [@CR15]--[@CR18]\].

The study of these SSS gradients in health with the aid of standard inequality indices such as the relative index of inequality (RII) \[[@CR11]--[@CR13]\] and the concentration index \[[@CR20], [@CR21]\] is limited to developed countries in Europe and the United Kingdom and United States. Furthermore, the predictors of SSS-related inequalities in health have not been investigated with the aid of decomposition analysis, which is important from a policy perspective insofar as it allows the identification of the factors driving these inequalities. Nor has such analysis been conducted from a gender-based perspective, which is necessary because the global burden of poor mental health is more pronounced in women \[[@CR22]--[@CR24]\]. In fact, gender-specific analysis on SSS and mental health has been restricted to developed countries contexts such as the United Kingdom \[[@CR7], [@CR14]\], Sweden \[[@CR13]\] and Finland \[[@CR18]\]. Such gender-specific analysis also meets the recent call for gender-based reporting in health inequality research \[[@CR25]\]. Adverse childhood experiences, moreover, which are strongly associated with mental health in adulthood \[[@CR26]\], has only been investigated in a single UK study on mental health and SSS \[[@CR7]\] and then only childhood SES.

The inclusion in the nationally representative South African Social Attitudes Survey (SASAS) of the European Social Survey's (ESS) theoretically and methodologically grounded module on the social determinants of health \[[@CR27]\], which includes information on childhood adversity of an economic and psychological nature, allows a first glimpse of the gender-specific factors that shape SSS-related inequalities in mental health in a developing country context. The study's setting, moreover, is characterised by a high burden of depression \[[@CR28]--[@CR32]\], especially among women \[[@CR30], [@CR31], [@CR33], [@CR34]\], with depressive disorders being the fifth leading cause of years lived with disability by South Africans according to the 2017 Global Burden of Disease study \[[@CR35]\]. South Africa is also characterised by high and rising social and economic inequality \[[@CR36]\] that is the remnant of the colonial and apartheid systems' discriminatory policies and their influence on the country's social landscape and the population's psyche. Yet, only a single study has investigated the link between SSS and mental health in South Africa \[[@CR34]\], but with a small purposive sample rather than a nationally representative survey. The questions posed in this paper are also important from a global policy perspective given the objectives of Sustainable Development Goals 3 and 10 to respectively reduce the burden of mental health and of inequalities by 2030 \[[@CR37]\].

Methods {#Sec2}
=======

Data {#Sec3}
----

The data used in the study originates from the nationally representative 2014 South African Social Attitudes Survey (SASAS), which fielded the survey module on social determinants of health in the European Social Survey (ESS7) in a developing country context \[[@CR27]\]. This survey module on the social determinants of health has been extensively used to document health inequalities in European countries \[[@CR38]--[@CR40]\], including disparities in mental health \[[@CR41]--[@CR43]\], emphasising its suitability for this study. SASAS 2014 received ethical clearance from the HSRC and face-to-face interviews were conducted with a cross-sectional sample of 3108 consenting individuals aged 16 years and older. All study participants provided informed consent. The study used a two-stage stratified sampling design and the response rate was 89% \[[@CR44]\].

Measures {#Sec4}
--------

### Health outcomes {#Sec5}

The depression scale of the Centre for Epidemiologic Studies (CES-D) is widely used and has acceptable screening accuracy in general populations \[[@CR45]\]. The 2014 SASAS adult questionnaire included the CES-D 8 variant of the scale, which contained a set of eight items that asked respondents if: they felt depressed, everything was an effort, sleep was restless, felt lonely, felt sad, could not get going, were happy or enjoyed life during the past week. Responses were none, some, most or all of the time, scored 0--3. The CES-D 8 is a widely used and reliable measure of depression symptomology that has been applied both internationally and in South African studies \[[@CR30], [@CR41]\]. Previous studies have shown that the CES-D-8 scale is valid and reliable \[[@CR46], [@CR47]\]. In terms of internal consistency, the Cronbach' alpha for the eight items in the scale is 0.773. Approximately 96% of the study sample responded to all eight questions. Following Van dem Knesebeck et al. \[[@CR48]\] and Huijts et al. \[[@CR41]\], we created a 24 point scale from the individual responses to the eight questions \[[@CR41]\]. Positive effect questions (such as happiness) were reverse scored. Mean imputation was applied where respondents had missing answers on 1 to 4 of the 8 questions (3.7%). We then used the scale to create a dichotomous variable that took on the value of 0 when the scale had values 0 to 9 and 1 when the scale had values 10 to 24 \[[@CR41], [@CR48]\]. This outcome henceforth is referred to as 'depressive symptoms'.

### Subjective social status {#Sec6}

This study uses the measure of SSS to investigate the inequality in depressive symptoms. The construct validity of this scale is demonstrated by Cundiff et al. \[[@CR49]\]. Similar to other studies \[[@CR4], [@CR7], [@CR13], [@CR14], [@CR50]\] and using a scale running from 1 (bottom) to 10 (top), individuals were asked to position themselves on this social hierarchy by the instruction: "In our society, there are groups which tend to be towards the top and groups which tend to be towards the bottom. Below is a scale that runs from the top (scoring 10) to the bottom (scoring 1). Where would you put yourself on this scale"? This variable was included in our study in two versions: one as a continuous variable for the construction of the CI, using the original scoring, and one as a categorical variable for the subsequent decomposition of inequalities in the health outcomes. Values 1&2 = 1, 3&4 = 2, 5&6 = 3, 7&8 = 4, 9&10 = 5.

### Socio-demographic characteristics {#Sec7}

The socio-demographic variables included in our analysis are gender, race, age, marital status and place of residence. For accurate reporting and to emphasize the social and cultural differences between men and women we make use of the term gender instead of sex \[[@CR51]\]. Gender was included as a binary variable: male (=0) and female (=1). Race was included as a categorical variable: African Coloured and Indian/Asian/White. Age was measured in years and included as a categorical variable with the following groups: 18--34 years, 35--64 years, and 65 + years. Marital status was included as a binary variable: married/civil partnership (=0) and single (=1). Place of residence was categorised as urban formal, urban informal, tribal, and rural formal.

### Other variables {#Sec8}

We also included a range of other socio-economic variables, measures of childhood adversity and lifestyle factors which influence health \[[@CR52], [@CR53]\]. The socio-economic variables included were employment status and education. Employment was coded in three categories: employed, non-labour force participant and unemployed. Education was coded in five categories of no education, primary, secondary, matric, and tertiary education.

Previous literature also reports that those who experience adverse childhood conditions are more likely to experience mental disorders \[[@CR26], [@CR54]\]. Survey respondents were asked the following two questions regarding childhood adverse experiences: (1) Please tell me how often you and your family experienced severe financial difficulties when you were growing up? (2) Please tell me how often there was serious conflict between the people living in your household when you were growing up? Based on this detail, the childhood adversity variables included in our study are described as past childhood financial difficulties and past childhood conflict. Both were included as binary variables: hardly/never (no = 0) and always/sometimes (yes = 1). In order to focus on the effects of these adversities during adulthood, respondents under 18 years were excluded from the analysis (*n* = 47).

Lifestyle factors included in the analysis comprise fruit consumption, vegetable consumption, physical activity, smoking, and alcohol consumption. Previous research indicates that healthier diets (more fruits and vegetables) are associated with better moods and less depression \[[@CR55]\]. Fruit and vegetable consumption were both included as binary variables that took on the following values: 0 - when consumed less than once a day over a week and 1 - when consumed at least once a day. Respondents were asked how many of the last 7 days did they walk quickly, do sports or other physical activity for 30 min or longer. This was included as a binary variable; 0 - exercised up to 2 days a week and 1 - exercised at least 3 days a week. Respondents were also asked to describe their smoking behaviour. This was included as a binary variable with 0 - less than daily/never and 1 - daily. Alcohol consumption was also included as a binary variable with 0 - less than or once a week/never and 1 - more than once a week.

### Measuring inequalities in depressive symptoms related to subjective social status {#Sec9}

Various measures have been proposed for measuring inequalities in health. Wagstaff et al. (1991) provides three basic criteria that an index of inequality in health needs to satisfy. These are (1) the measure should reflect the experiences of the entire population and not just the extreme ends (2) the measure should be sensitive to changes in the population in socioeconomic groups (3) the measure should reflect the socioeconomic elements to health inequalities \[[@CR56]\]. The widely employed concentration index (CI) satisfies these minimum requirements \[[@CR56]\] and is applied in this paper as a measure of inequality.

The companion concentration curve (CC) plots the cumulative percentage of depressive symptoms on the vertical axis against the cumulative percentage of the sample ranked by SSS starting with those who reported lowest SSS and ending with those who reported higher SSS on the horizontal axis \[[@CR57]\]. If everyone had the same depressive symptoms irrespective of their SSS then the CC would like on the 45-degree line, also known as the line of equality. If the depressive symptoms are more concentrated amongst those with low (high) SSS the curve lies above (below) the 45-degree line \[[@CR57]\].

The CI is derived from the concentration curve (CC) and lies between the values of − 1 and + 1 \[[@CR57]\]. The index takes on a value of zero if there are no inequalities in the outcome variable (in this case depressive symptoms) and takes on negative values if depressive symptoms are more concentrated amongst those of low social status and positive values if depressive symptoms are concentrated amongst those of high social status \[[@CR57]\]. The CI can then be measured as twice the covariance of the health variable and the ranking of the living standards variable r (in this case SSS), divided by the mean of the health measure (*μ*):$$\documentclass[12pt]{minimal}
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Since the depressive symptoms variable in our study is binary we also make use of the Erreygers corrected concentration index which is algebraically expressed as shown below \[[@CR58]\].$$\documentclass[12pt]{minimal}
                \usepackage{amsmath}
                \usepackage{wasysym} 
                \usepackage{amsfonts} 
                \usepackage{amssymb} 
                \usepackage{amsbsy}
                \usepackage{mathrsfs}
                \usepackage{upgreek}
                \setlength{\oddsidemargin}{-69pt}
                \begin{document}$$ E(h)=8\operatorname{cov}\left({h}_i,{R}_i\right) $$\end{document}$$

Our study makes use of the *conindex* command in STATA to estimate SSS-related inequalities in depressive symptoms \[[@CR59]\].

### Decomposition of the CI {#Sec10}

The CIs for depressive symptoms can be decomposed to show the contributions of individual factors to SSS-related inequalities. Our study makes use of the method proposed by Wagstaff et al. \[[@CR60]\], which uses the following linear equation.$$\documentclass[12pt]{minimal}
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Where h is the health variable of individual i, α is the constant, x is a set of variables such as demographic and socio economic factors, ε is the error term. If we have such linear model as shown in eq. ([3](#Equ3){ref-type=""}), Wagstaff et al. shows that the concentration index for h~I~ can be written as \[[@CR60]\]:$$\documentclass[12pt]{minimal}
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This equation allows us to calculate the contribution of each factor to SSS-related inequalities in depressive symptoms. Since we applied the Erreygers normalisation to the calculation of the CI for the SSS-related inequalities in depressive symptoms, the corrected CI for the depressive symptoms variable is formulated as:$$\documentclass[12pt]{minimal}
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Since the Generalised Linear Models (GLM) (with binomial family and identity link) is reported to be the best choice when decomposing inequality in a binary variable \[[@CR61]\], eq. ([5](#Equ5){ref-type=""}) is estimated using GLM and used to decompose SSS-related inequalities in depressive symptoms.

The contribution made by each factor is dependent on the sign and size of the calculated elasticity and CI for each regressor. If the contribution of variable *X* is positive, then inequality in depressive symptoms would decrease if variable *X* becomes equally distributed across the social group, ceteris paribus. The opposite is also true, i.e. if a factor's contribution is negative, the absence of inequalities in that variable would result in an increase in inequality, ceteris paribus. We also apply a bootstrapping method using 500 replications to estimate standard errors for the absolute contributions.

Statistical analysis was performed in STATA software version 13. Our data was weighted with post-stratification weights in order to account for clustering and survey design effects. The analysis reported here was restricted to individuals above the age of 18 years and those with non-missing information on subjective social status. Among the cross-sectional sample of 3108 consenting individuals aged 16 years and older, 47 were below the age of 18 and were excluded. A further 34 had missing information on subjective social status and were also excluded. Our final analytic sample was 3027.

Results {#Sec11}
=======

Descriptive statistics {#Sec12}
----------------------

Table [1](#Tab1){ref-type="table"} shows the study population's characteristics. About half of the respondents were male (48%) whilst 52% were female. Most of the participants were African (78%), between the ages of 18 to 34 years (49%), single (60%), and resided in formal urban settlements (67%). The overall mean of the CES-D 8 scale was 7.39 (SD -- 4), whilst the CES-D 8 score for females (7.72) was statistically significantly larger than for males (7.04) (*p* \< 0.001). Approximately 26% of the population had depressive symptoms that could be indicative of clinical depression. The prevalence of depressive symptoms was statistically significantly higher amongst women (28.46%) than men (24.38%) (*p* = 0.011).Table 1Summary statistics, by genderVariableMaleFemaleTotalCES-D 8 scale Mean7.047.727.39 Standard deviation (SD)4.094.004.06 Median7.007.167.00 P254.005.005.00 P759.0010.0010.00Depressive symptoms (%)24.3828.4626.49Gender Male48.32 Female51.68Race African77.2478.7978.04 Coloured9.349.229.28 Indian/Asian/White13.4212.0012.68Age 18to3452.0446.3049.07 35to6438.5745.6342.22 65plus9.398.078.71Marital status Married41.6838.9340.25 Single58.3261.0759.75Place of residence Urban formal64.5468.6966.69 Urban informal7.796.447.09 Tribal23.5121.9122.69 Rural4.162.963.54Subjective social status Mean4.564.144.35 S.D2.122.062.10 Quintile 1 (rank 1--2)21.5627.1924.47 Quintile 2 (rank 3--4)24.6227.0125.86 Quintile 3 (rank 5--6)36.4933.5234.96 Quintile 4 (rank 7--8)13.8810.1311.94 Quintile 5 (rank 9--10)3.442.152.77Financial difficulties Hardly/Never29.0926.3727.69 Always/Sometimes70.9173.6372.31Childhood conflict Hardly/Never54.1954.5754.39 Always/Sometimes45.8145.4345.61Employment Employed42.3325.7333.70 Non labour force participant20.0129.1824.78 Unemployed37.6645.0941.53Education None2.824.353.61 Primary11.3913.4912.48 Secondary38.4237.1737.77 Matric36.3135.4235.85 Tertiary11.079.5710.30Fruits  \< once a day49.6451.7150.71  \> = once a day50.3648.2949.29Vegetables  \< once a day43.4842.5442.99  \> = once a day56.5257.4657.01Physical activity 0--2 times44.1159.1251.75 3--7 times55.8940.8848.25Smoking Less than daily/never68.3791.2480.19 Daily31.638.7619.81Alcohol  \< =once a week/never90.0795.4092.82  \> once a week9.934.607.18

More than 70% of adult respondents reported experiencing financial difficulties during childhood and 46% reported experiencing childhood conflict. Most of the participants were unemployed (42%) and had some secondary education (38%). With regards to lifestyle factors, approximately half of the participants consumed fruits less than once a day (51%), vegetables more than once a day (57%), exercised 0--2 times a week (52%), and never smoked or did not smoke daily (80%). Self-reported alcohol consumption was low. The majority of respondents never consumed alcohol or consumed it less than once a week (93%).

Distribution of depressive symptoms by subjective social status {#Sec13}
---------------------------------------------------------------

Figure [1](#Fig1){ref-type="fig"} shows the prevalence of depressive symptoms by SSS and gender. The prevalence of depressive symptoms is highest in the lowest quintile, at 45%. The fourth quintile recorded the lowest prevalence of depressive symptoms, at 10%, before increasing slightly to 15% in the fifth quintile. Generally, there is a statistically significant relationship between the prevalence of depressive symptoms and SSS, for both men and women and on aggregate (*p* \< 0.001). In all quintiles other than quintiles 1 and 5, the prevalence of depressive symptoms is highest among females when compared to males.Fig. 1Prevalence of depressive symptoms, by subjective social status and genderFig. 2Concentration curve for depressive symptoms -- overall

Concentration curves and indices for depressive symptoms {#Sec14}
--------------------------------------------------------

Figures [2](#Fig2){ref-type="fig"}, [3](#Fig3){ref-type="fig"} and [4](#Fig4){ref-type="fig"} show the CC for the SSS-related inequalities in overall depressive symptoms, depressive symptoms amongst males and depressive symptoms amongst females, respectively. In all three instances, the curve lies above the 45-degree line of equality, showing that depressive symptoms are more concentrated amongst those with low SSS. All the CI are statistically significant and favour those with higher SSS for both males and females (i.e. ill health is concentrated among those of lower social status), as indicated by all curves lying above the line of equality. The observed SSS-related inequality in depressive symptoms is higher for males (CI = -0.304) when compared to females (CI = -0.240). This indicates that there is more inequality in the distribution of depressive symptoms among males when compared to females. The difference, however, is only weakly significant in statistical terms (*p* = 0.056)

Decomposition of SSS-related inequalities in depressive symptoms {#Sec15}
----------------------------------------------------------------

Results from the decomposition by gender are shown in Table [2](#Tab2){ref-type="table"}. The first two columns show the elasticities and CI for each explanatory variable. The rest of the columns show the absolute contributions, their bootstrapped standard errors, the relative percentage contributions and the total percentage contributions of each explanatory variable to SSS-related inequalities in depressive symptoms.Table 2Decomposition of inequalities in depressive symptoms related to subjective social status, by genderVariableMaleFemaleTotalElasticityCIAbsSE%TotalElasticityCIAbsSE%TotalElasticityCIAbsSE%TotalGender Female Male− 0.01520.0570− 0.00350.00371.251.25Race African*(base)(base)(base)* Coloured−0.0190.354− 0.0270.0118.77− 0.0080.285− 0.0090.0063.62−0.0110.318−0.0140.0064.99 Indian/Asian/White−0.0220.585−0.0520.02217.1525.920.0010.6020.0030.018−1.292.33−0.0070.593−0.0160.0145.8110.80Age 18to34*(base)(base)(base)* 35to640.088−0.025− 0.0090.0102.890.025−0.009−0.0010.0030.350.048−0.021−0.0040.0041.43 65plus0.0150.0710.0040.006−1.351.540.002−0.0160.0000.0020.050.400.0060.0290.0010.002−0.261.18Marital status Married*(base)(base)(base)* Single0.087−0.073−0.0260.0108.418.410.021−0.043−0.0040.0041.481.480.039−0.058−0.0090.0053.243.24Place of residence Urban formal*(base)(base)(base)* Urban informal−0.002−0.1580.0010.005−0.450.003−0.355−0.0040.0081.690.001−0.246−0.0010.0040.30 Tribal−0.004−0.1960.0030.008−1.06−0.012−0.1660.0080.008−3.38−0.007−0.1780.0050.005−1.78 Rural−0.0030.075−0.0010.0050.34−1.17−0.003−0.0560.0010.002−0.32−2.01−0.0030.0250.0000.0020.10−1.38Subjective social status−0.1260.263−0.1330.04843.6543.65−0.1790.280−0.2010.04983.4683.46−0.1540.273−0.1680.03860.9760.97Childhood financial difficulties Hardly/Never*(base)(base)(base)* Always/Sometimes0.014−0.132−0.0080.0162.502.500.024−0.096−0.0090.0143.743.740.025−0.114−0.0110.0104.064.06Childhood conflict Hardly/Never*(base)(base)(base)* Always/Sometimes0.021−0.142−0.0120.0123.963.960.082−0.124−0.0410.01116.8316.830.058−0.132−0.0310.00811.0711.07Employment Employed*(base)(base)(base)* Non labour force participant−0.004−0.0270.0000.003−0.150.0210.0650.0060.005−2.320.0100.0190.0010.002−0.26 Unemployed0.011−0.167−0.0070.0102.362.210.000−0.1660.0000.0150.04−2.270.004−0.171−0.0030.0110.890.63Education None*(base)(base)(base)* Primary0.003−0.212−0.0030.0090.87−0.006−0.2360.0050.012−2.20−0.005−0.2300.0050.008−1.77 Secondary−0.005−0.1600.0030.022−0.98−0.007− 0.0840.0020.012−0.92− 0.012−0.1200.0060.011−2.13 Matric−0.0170.113−0.0080.0152.480.0040.0970.0020.013−0.60− 0.0140.106− 0.0060.0092.16 Tertiary−0.0040.490−0.0080.0242.735.10−0.0030.427−0.0060.0192.27−1.46−0.0070.460−0.0120.0144.382.63Fruits  \< once a day*(base)(base)(base)*  \> = once a day0.0160.0900.0060.008−1.93−1.93−0.0560.118−0.0270.01111.0011.00−0.0260.106−0.0110.0073.993.99Vegetables  \< once a day*(base)(base)(base)*  \> = once a day−0.0080.041−0.0010.0040.420.420.0420.0840.0140.009−5.81−5.810.0210.0630.0050.005−1.90−1.90Physical activity 0--2 times*(base)(base)(base)* 3--7 times−0.0020.0000.0000.0020.000.00−0.0260.069−0.0070.0052.972.97−0.0180.038−0.0030.0030.990.99Smoking Less than daily/never*(base)(base)(base)* Daily0.004−0.092−0.0020.0050.480.480.0220.1830.0160.004−6.67−6.670.0100.0020.0000.002−0.03−0.03Alcohol  \< =once a week/never*(base)(base)(base)*  \> once a week0.001−0.0740.0000.0030.060.06−0.010−0.0580.0020.004−0.95−0.95− 0.003−0.0500.0010.002−0.19−0.19*Explained*−0.27891.15−0.248103.06−0.26997.32*Residual*−0.0278.850.007−3.06−0.0072.68*Total*−0.304100.00−0.241100.00−0.276100.00Note: CI -- Erreygers concentration index, Abs -- Absolute contribution. SE- Bootstrapped standard errors for the absolute contributions obtained via a bootstrapping method using 500 replications. Residual is the part of the inequalities in depressive symptoms not explained by the chosen variablesFig. 3Concentration curve for depressive symptoms - malesFig. 4Concentration curve for depressive symptoms - females

As the table also shows, SSS makes the largest contributions to SSS-related inequalities in depressive symptoms (61%). This means that SSS-related inequalities in depressive symptoms would decrease by over 61% if there were no inequalities in SSS. It is notable that the contribution made by SSS to inequalities in depressive symptoms is much higher for females compared to males, 82% versus 44%. Other factors that make significant contributions to SSS-related inequalities in depressive symptoms are race and past childhood conflict. In the decomposition analyses, race makes the larger contribution to SSS-related inequalities in depressive symptoms for males compared to females (26% versus 2%). In contrast, past childhood conflict makes the larger contributions to SSS-related inequalities in depressive symptoms for females when compared to males (17% versus 4%). This means that SSS-related inequalities in depressive symptoms amongst females (males) would decrease by 17% (4%) if there were no inequalities in childhood adversity. In statistical terms, the other variables contribute only marginally to SSS-related inequalities in depressive symptoms. The lifestyle factors in particular make a relatively small contribution to SSS-related inequalities in depressive symptoms compared to other variables. The factors included in our study explained 97% (or 0.269) of the overall SSS-related inequality in the prevalence of depressive symptoms.

From the table we can also see that residing in informal urban settlements, having experienced financial difficulties or household conflict during childhood, being unemployed, and consuming alcohol more than once per week is more concentrated amongst people of low SSS as indicated by the negative CIs. In contrast, having a tertiary education, consuming fruits and vegetables more than once a day, and exercising more often, as expected is more concentrated amongst those of high SSS, as shown by the positive CIs.

Discussion {#Sec16}
==========

At 26%, the overall prevalence of depressive symptoms is relatively high. This figure is comparable to the 2012 estimate of 27.1% from the National Income Dynamic Study (NIDS) that uses the CES-D 10's cut-off score of 10 \[[@CR30]\]. The estimate also falls within the wide although not directly comparable range of prevalence rates reported in other CES-D 10-based studies using the nationally representative NIDS. Pengpid et al. for example reported a prevalence rate of 13% for 2014/15 using a cut-off score of 12 \[[@CR32]\], while Burns et al. reported a prevalence as high as 38.9% for 2008 using the cut-off score of 10 \[[@CR31]\]. Similar to the significant gender difference reported here, other studies also found women to have an increased risk of depression \[[@CR31], [@CR33]\], higher CES-D 10 scores \[[@CR30]\], and increased stress \[[@CR34]\].

The one main objective of the paper was to quantify, using the CI, the extent of SSS-related inequality in depressive symptoms. Similar to evidence on self-reported health presented elsewhere \[[@CR20], [@CR21]\], the CIs for depressive symptoms in our study revealed an unequal distribution of depressive symptoms among South Africans. Our results likewise show significant SSS-related inequalities that favour those with higher SSS rank, with depressive status being concentrated in those of lower social status. Although our study makes use of SSS, our result is consistent with previous evidence from South Africa that used objective socio-economic status to measure inequalities in depression. These studies also report negative concentration indices, which shows disparities in depression that favour the better off \[[@CR62], [@CR63]\]. Various authors have also shown that low socio-economic status is a risk factor for mental health illness such as depression \[[@CR30]--[@CR32], [@CR34], [@CR64], [@CR65]\]. Our results are also consistent with other studies that make use of the CI to measure SSS inequalities and find inequalities in self-rated health that favour the top social classes \[[@CR20], [@CR21]\]. In fact, the extent of inequality is much more pronounced in this developing country context than that reported in the only other comparable study conducted in a developed country, namely Spain \[[@CR20]\]. In this study, the reported concentration indices, though negative as well, are as low as − 0.021 and − 0.045 respectively for the two measures of self-reported health status. Consistent with other studies that also make use of the CES-D scale, we also find that the prevalence of depressive symptoms was higher in females when compared to males \[[@CR30], [@CR32]\].

Our paper also sought to examine the contribution of various factors to SSS-related inequalities in depressive symptoms both on aggregate and by gender. Using a decomposition approach, we find that SSS, race and past childhood adversity make important contributions to SSS-related inequalities in depressive symptoms. Our results are in line with previous studies that found that SSS has a significant influence on depression \[[@CR5], [@CR12], [@CR13], [@CR15], [@CR34], [@CR50]\]. Using RII, studies by Adler at al. and Miyakawa et al. both show a significant relationship between depression and SSS \[[@CR12], [@CR13]\]. Of note in this study was the difference in the contributions of SSS across gender. The contribution of SSS to inequalities in depressive symptoms was higher for women than men. This highlights the importance of considering the unique ways in which men and women conceptualise and evaluate their place in the social hierarchy when interpreting the impact of SSS on depression. As noted in Shaked et al., the factors that may be pertinent in predicting SSS for women differ to those for men \[[@CR66]\] and thus the strengths of association would differ, as is the case in this particular study.

The contribution of the childhood adversity variable to SSS-related inequalities was also higher for females when compared to males. Other studies also point to the effect of childhood adversities on mental health \[[@CR26], [@CR54]\], with stronger associations being recorded for females when compared to males \[[@CR67]\]. This may be attributable to the differences in the psychology of emotions in women versus men or the different influences of specific types of childhood adversities in women versus males. Findings from a study by Veijola et al. show that more childhood factors were associated with depression in females when compared to males \[[@CR68]\].

Race was another variable that showed some influence on inequalities in depressive symptoms. The relationship in South Africa between race and the prevalence of illness related to depression has been documented before \[[@CR30], [@CR31], [@CR65]\]. In South Africa, the race variable is intricately connected with social status, which varies due to the direct and indirect effects of the discriminatory socioeconomic policies under the apartheid system. This makes it difficult to separate the associations of race and depressive symptoms from the associations of SSS with depressive symptoms. The contribution of race to inequalities in the prevalence of depressive symptoms related to SSS also points to the importance of cultural differences in shaping the expression and experiences of depression \[[@CR69]\]. Our study further shows that the contribution of race to SSS inequalities in depressive symptoms is higher amongst males when compared this females. Such differences in contribution may be due to the effect of race on inequalities in depressive symptoms amongst females being captured by other significant variables such as SSS.

This study has several limitations. Firstly, the use of a cross sectional dataset limits the discussion of causal relationships between SSS-related inequalities and its various determinants, with the result that evidence points to associations only. In future studies questions of causality may be addressed by use of longitudinal data. Secondly, the study uses a self-reported measure of depression, rather than clinical diagnosis, and also relies on self-report for the measurement of some covariates included in the analysis, which may introduce some subjectivity and bias into the results. This study, furthermore, employs a broad societal reference group in its operationalisation of the SSS construct. Using closer referents such as community members or similar others, which may be more appropriate in regards to mental health, may yield different results \[[@CR70]--[@CR72]\]. Further, our study does not present information on the distribution of depressive symptoms in subjects below the age of 18 years. Future studies that cover this age group could better represent the contribution of SSS to overall inequalities in depression. Despite these caveats this paper has a major strength. The study makes use of nationally representative data to estimate SSS-related inequalities in depressive symptoms among South African adults. The analytical strategy combines the rigour of the European Social Survey's approach to the study of the social determinants of health with information on subjective social status, which was not included in the standard ESS7 survey module.

Conclusion {#Sec17}
==========

The results of this study document the presence of much more significant SSS-related inequalities in depressive symptoms favouring those of higher social status when compared to developed countries. To the best of our knowledge, this is the first study of its kind to apply decomposition analysis to the investigation of SSS-related inequalities in health. The study shows that the observed SSS-related inequalities in depressive symptoms are mostly explained by SSS itself followed by race and past childhood conflict. The size of the contributions made by these factors differ by gender, highlighting the importance of gender-based analysis in studies of health inequalities. Results from this study suggest that policy makers seeking to reduce SSS-related inequalities in depression should target a reduction in the positive contribution of SSS to depression via the implementation of programmes that improve social welfare. Given the much greater contribution to inequalities among females, these policies should target women. Policies that protect children and especially the girl child from conflict can also be useful in reducing inequalities in depression related to subjective social status during adulthood. Overall, there is need for a multi-sectoral approach to address these inequalities.
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